Why Are So Many People Who
Experience Homelessness in the City
of Thunder Bay from Out of Town?
A Report on a Preliminary Mixed Methods Study Using
Machine Learning Models to Understand Migration and
Homelessness
November 14, 2022
R. Gokani, K. Lovato-Day, R. Liyanage, V. Mago, A. Park, T. Hay, R. Schiff,
K. Ranta, S. Cummings

R. Gokani., K. Lovato-Day, R. Liyanage, V. Mago, A. Park, T. Hay, R. Schiff, K. Ranta,
& S. Cummings. (2022) Why Are So Many People Who Experience Homelessness in
the City of Thunder Bay from Out of Town or Province? A Report on a Preliminary
Mixed Methods Study Using Machine Learning Models to Understand Migration and
Homelessness. Lakehead University, Thunder Bay.

Why Are So Many People Who Experience
Homelessness in the City of Thunder Bay
from Out of Town?
A Report on a Preliminary Mixed Methods Study Using Machine
Learning Models to Understand Migration and Homelessness
Ravi Gokani, Kristyn Lovato-Day, Ravihari Liyanage, Vijay Mago, Aaron Park,
Travis Hay, Rebecca Schiff, Ken Ranta, and Shayna Cummings

Table of Contents
Research Team ............................................................................................................... 1
Acknowledgements ......................................................................................................... 2
Executive Summary ........................................................................................................ 3
Introduction ..................................................................................................................... 5
How to Read This Report ............................................................................................. 5
Purpose and Method of Study ......................................................................................... 7
Research Questions .................................................................................................... 7
The Data We Used to Answer Those Questions.......................................................... 7
How We Made Sense of the Data .............................................................................. 10
Findings......................................................................................................................... 12
Question 1: From Which Home Communities Are People Migrating? ........................ 12
Question 2: Why Do People Leave Their Home Communities? ................................. 16
Question 3: Why Do People Choose to Come to Thunder Bay?................................ 19
Question 4: Why Do People Choose to Remain in Thunder Bay? ............................. 22
Question 5: What Factors Predict if Someone Will Stay or Leave a Shelter? ............ 25
Question 6: If People Stay, How Long Do They Stay? ............................................... 29
Question 7: What Factors Predict the Length of Duration a Person Stays? ............... 29
Discussion and Implications .......................................................................................... 32
Key Findings .............................................................................................................. 32
Implications ................................................................................................................ 33
Limitations and Future Research ............................................................................... 37
References .................................................................................................................... 39

Research Team

Ravi Gokani, Ph.D.
Assistant Professor
Faculty of Health and Behavioural Sciences

Ken Ranta, M.B.A
Director of Integrated Social
Services

Vijay Mago, Ph.D.
Associate Professor
Faculty of Science and Environmental Studies

Aaron Park, M.A.
Supervisor, Research and Social
Policy

Rebecca Schiff, Ph.D.1
Adjunct Professor
Faculty of Health and Behavioural Sciences

Kristyn Lovato-Day, M.A.
Data and Research Analyst

Ravihari Liyanage, M.Sc.

Shayna Cummings, M.Sc.
Data and Research Analyst

Faculty of Science and Environmental Studies
Elise Agnor, H.B.S.W.
Faculty of Health and Behavioural Sciences
Travis Hay, Ph.D.2
Postdoctoral Fellow
Faculty of Health and Behavioural Sciences
Ashley Wilkinson, M.A.3
Faculty of Health and Behavioural Sciences

1

Dr. Schiff has since taken a position as Dean of the Faculty of Human and Health Sciences at the

University of Northern British Columbia.
2
3

Dr. Hay has since taken a position as Assistant Professor of Humanities at Mount Royal University.
Ashley Wilkinson has since commenced her doctoral studies at the University of Northern British

Columbia.

1|Page

Acknowledgements
We would like to thank Alexandra Murphy Melnichuk (TBDSSAB), who supported
this study in its early stages.
We thank the staff and administration of the Shelter House, Salvation Army, and
Urban Abbey, without whom we would not have been able to collect the data for the
shelter survey or interviews. Cathy Oleschuk from the Salvation Army and Michelle
Morgan from the Shelter House were particularly instrumental in their support of this
research.
From Lakehead University, we would like to thank the Office of Research Services.
In particular, we thank the following: Anne Klymenko, who facilitated this collaboration in
its early stages; Nicole Westland-Stewart, who provided indispensable feedback on the
grant application to SSHRC; and Sue Wright and Sheena Allard, who helped with the
research ethics application. In addition to the people at the Office of Research Services,
several students at Lakehead University who were not part of the research team
supported this research and we want to thank them. This includes the following: Stephen
Boateng, Brooklyn Wilson, and Clifford Mushquash for help with data collection; Joelle
Chartrain, for support with transcription; and Natasha Vanderkruk, Meagan Cote, Kaylin
Bourne, and Ashley Rodericks-Schulwach for helpful comments on an earlier draft of this
report.
Lakehead University and the District of Thunder Bay Social Services
Administration Board would like to acknowledge the generous support for this research
by the Government of Canada’s Social Sciences and Humanities Research Council
through the 2021 Partnership Engage Grant competition (# 892-2021-0014).
Finally, we attempted to approach this research carefully and in the spirit of being
good treaty partners to Indigenous peoples. Thus, we would like to acknowledge the
Anishinaabe peoples, Fort William First Nation, and the Robinson-Superior Treaty of
1850, all of which have made the community and City of Thunder Bay possible. More
broadly, we acknowledge that, as residents of Northern Ontario, we are also tied to the
lands and peoples of Treaty 3, 5, and 9. We also recognize the contributions made to our
community by the Métis peoples.

2|Page

Executive Summary
This document reports on a study conducted by a joint team comprised of
members of Lakehead University (LU) and the District of Thunder Bay Social Services
Administration Board (TBDSSAB).
The study’s main objective was to understand an element of homelessness in the
City of Thunder Bay – that a high proportion of people experiencing homelessness are
from out of town or province. The study sought to answer seven basic questions about
in-migration and homelessness: where people are migrating from, why they left their
previous communities, why they chose to come to Thunder Bay, why they remain here
despite experiencing homelessness, what factors predict if they stay, how long they
typically stay, and what factors predict their length of stay.
To answer these questions, we used three major methods of research: the 2021
Point-in-Time Count, a shelter survey we administered in mainly two shelters (Shelter
House and Salvation Army), and a series of one-on-one interviews with people who
migrated to the city and experience homelessness. Overall, we received 98 usable
responses to the Point-in-Time Count; 120 usable responses from the shelter survey; and
17 usable interviews. The results of these three data sets were generated using methods
common in social science research and computer science, including the use of machinelearning models to understand the shelter survey data.
The results of the study, though preliminary, suggest some key findings which give
texture to the initially blurry picture of migration and homelessness in the city. These are:
1. Social factors, such as family, friends, and a sense of community might be driving
migration into the City of Thunder Bay and motivating people to remain here and
in shelters.
2. Service factors, such as health care, housing, and social services like addictions
and mental health support might be driving migration into the City of Thunder Bay
and motivating people to remain here and in shelters.
3. Economic migration, mainly unemployment in home communities and a promise
of employment in the City of Thunder Bay, might be driving migration into the city,
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but also that people in this study were either unable to work, unable to find work,
or unable to keep work once here.
4. Lack of money is a barrier to leaving the city for those who want to leave.
5. A majority of people who migrated to the city did so from a neighboring district,
mainly Kenora, Cochrane, and Rainy River, each with a high proportion of rural
towns and a Social Services Administration Board.
6. Being from or passing through Kenora, Cochrane, or Rainy River is a predictor of
migration to Thunder Bay and stay in a shelter, including, though to a lesser extent,
longer stays in shelter.
7. A high proportion of individuals from neighbouring districts are from First Nations

communities in those districts, primarily on Treaty 9 and Treaty 3 territory.
This study suggests at least two things about moving forward. First, it provides us
with the first comprehensive view of migration and homelessness in Northwestern
Ontario. In fact, it corroborates the findings of studies done in Northeastern Ontario and
other parts of the country where migration is an element of homelessness. Second, it
provides TBDSSAB with an evidence-base to make decisions about policy and
programming.
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Introduction
In 2018, the District of Thunder Bay Social Services Administration Board
(TBDSSAB) and the Lakehead Social Planning Council (LSPC) conducted a Point-inTime count, a provincially-mandated study for measuring homelessness. The study’s
report found that 74% of people experiencing homelessness had migrated to the city from
elsewhere and that approximately 20% of those were from out of province.4 In the fall of
2020, an interdisciplinary research team from Lakehead University began a collaboration
with TBDSSAB to try and produce a more textured understanding of this aspect of
homelessness – namely, why so many people who experienced homelessness in the city
of Thunder Bay seemed to have had migrated from elsewhere.
For TBDSSAB, which coordinates and funds housing and homelessness programs
in the District of Thunder Bay, a better understanding of this question would mean a better
knowledge base for developing services and solutions to support those who migrate to
the city but end up experiencing homelessness. A better understanding would also mean
a stronger foundation for provincial and municipal advocacy for better support for
homelessness in Northern Ontario. For Lakehead University, this collaboration was an
opportunity for researchers and students to realize components of the university’s
strategic plan, which highlights, among other things, a commitment to engaging with and
contributing to the broader community through research. This report is a summary of that
research.

How to Read This Report
This report was designed with consideration for three audiences. First and
foremost, researchers from Lakehead University wanted to provide a report that was
useful to TBDSSAB in understanding migration and homelessness in Thunder Bay. As
TBDSSAB’s original query was the origin of the project, we developed the content and
style of the report with policy and program development in mind. Second, we wanted to
write a report that was also as readable as possible to informed but non-specialist readers

4

TBDSSAB, “District of Thunder Bay Point-In-Time Count of People Experiencing Homelessness,” Last

modified November 2018, https://www.lspc.ca/wp-content/uploads/2018-Point-In-Time-Count-.pdf
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interested in homelessness; this includes but is not limited to people working in the
homelessness sector, people with lived experience, as well as the general public. To
achieve this aim, we have removed as much of the technical language as possible.
However, we include occasional footnotes regarding some of those technical details
where we feel it is important and, of course, we could not remove all of the technical
elements of a study of this kind. Third and final, we wrote the report with the understanding
that researchers, academics, and students interested in homelessness, and
homelessness and migration specifically, might find our results of interest. In the
remaining pages we present our study on understanding migration and homelessness in
the City of Thunder Bay. The report includes what specific questions we wanted to answer
about migration, what sources of data we used, how we made sense of that data, and
what we found, followed by a discussion about what our findings mean for the problem in
question.
For those readers who want a deeper and more technical understanding of any of
the contents of this report, we recommend contacting the following corresponding
authors. For questions about the overall study, this report, the shelter survey, or the
qualitative data, please contact Dr. Ravi Gokani, rgokani@lakeheadu.ca. For questions
regarding TBDSSAB, including the Point-in-Time Count please contact Ken Ranta,
ken.ranta@tbdssab.ca. For questions regarding the machine-learning models, please
contact Dr. Vijay Mago, vmago@lakeheadu.ca
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Purpose and Method of Study
As mentioned, the primary purpose of this research was to understand why so
many people experiencing homelessness in the City of Thunder Bay seem to have
migrated to the city from out of town or out of province. To achieve this purpose, we
developed seven research questions to understand migration and homelessness, listed
below.

Research Questions
These questions were designed to track the path of migration from someone’s
home community to Thunder Bay and the various “push” factors (i.e., reasons for
migrating away from their home community) and “pull” factors (i.e., reasons for migrating
to another community) that determine why they ultimately came to the City of Thunder
Bay. These research questions are:
1. From which home communities are people migrating?
2. Why do people leave their home communities in the first place?
3. Why do people choose to come to Thunder Bay?
4. Why do people choose to remain in Thunder Bay?
5. What factors predict if someone stays or leaves Thunder Bay?
6. If a person does stay, how long are they likely to stay?
7. What factors predict how long someone stays?

The Data We Used to Answer Those Questions
In order to answer these questions, we used four different types of data which
comprised three different data sets. Those four data types are (a) the 2021 Point-in-Time
(PiT) count; (b) a survey we administered in homeless shelters (the “shelter survey”); (c)
the Homeless Individuals and Families Information System (HIFIS); and (d) one-on-one
interviews with people experiencing homelessness who migrated to the City of Thunder
Bay. Below is a description of each type of data.
2021 Point-in-Time Count. The Point in Time count is a provincially mandated
count and survey of individuals experiencing homelessness over a 24-hour period. The
2021 PiT count began at 6:00 pm on October 2nd and continued for 24 hours. While the
PiT count was conducted throughout the District of Thunder Bay, this research focuses
7|Page

only on data from the City of Thunder Bay. The survey was available for completion in the
City of Thunder Bay at the Canadian Lakehead Exhibition (CLE) which was the only public
drop in site due to COVID-19. Additionally, clients staying at Shelter House Thunder Bay,
the Salvation Army Journey to Life Centre, The Lodge on Dawson, Crossroads Centre,
Beendigen, the John Howard Society of Thunder Bay and District, and Grace Place were
provided the opportunity to participate in the survey. For more information on the 2021
PiT count please visit this website.5
The PiT contains generic questions regardless of the region, but also permits
regions to add additional questions to capture a local picture of homelessness. For this
study specifically, we developed 9 short-answer questions that pertained exclusively to
understanding migration into the City of Thunder Bay. These 9 questions, as well as the
relevant research question in parentheses, are:
1. What community are you originally from?6 (RQ1)
2. Why did you leave? (RQ2)
3. Did you have a home before coming to the City of Thunder Bay? (RQ2)
4. What brought you to the City of Thunder Bay? (RQ3)
5. Is the City of Thunder Bay your community of choice? (RQ4)
6. If yes, why? (RQ4)
7. If no, do you want to return to your home community, and why? (RQ4)
8. If you were to return to your home community, would you have permanent
housing available? (RQ4)
9. If you were to return to your home community, would you have safe housing
available? (RQ4)

5

TBDSSAB, “2021 Point in Time Count of People Experiencing Homelessness in the District of Thunder

Bay,” Last modified January 13, 2022, https://www.tbdssab.ca/wp-content/uploads/2022/01/2021-01TBDSSAB-Point-in-Time-Count-Report-Final.pdf
6

This question was asked in the 2021 Point-in-Time and responses were used to filter out those who were

from Thunder Bay so that we could focus on the sub-sample that had migrated. In other words, anyone
who was originally from Thunder Bay was excluded from the rest of the analysis for this report.
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Interviews. While conducting the PiT count on October 02, 2021, volunteers asked
people experiencing homelessness if they would like to participate in a one-on-one
interview with a researcher. We received a total of 84 entries. After sorting through the
entries and removing those without a phone number or email, we contacted the remaining
42 people. In addition to these 42, we recruited at Shelter House and Salvation Army by
visiting the shelters on planned dates. Ultimately, we conducted follow up interviews with
17 individuals. On average interviews were about 15 minutes. Like the PiT count
questions, we wanted to interview people to help us answer research questions 1 to 4.
Shelter Survey. We created a shelter survey to help us answer questions 5, 6,
and 7. The shelter survey contained 28 questions that were designed to measure the
various “factors” that might cause someone who migrated to stay in a shelter and stay for
a short or long while. The shelter survey was administered once a week for 24 weeks
from October 29, 2021, to April 09, 2022, and was administered mainly at Shelter House
or Salvation Army; on two occasions we administered the survey at an overflow shelter
for women that was run by the Urban Abbey. Shelter surveys administered only to people
who had migrated to the city were included, excluding members of the population who
were local. We also only surveyed individuals once, meaning each week we asked only
those individuals who had not previously responded to the survey.
Homeless Individuals and Families Information System (HIFIS). HIFIS
(pronounced “hi-fuss”) is a federal data management system designed to gather
information about homelessness in Canada. HIFIS, however, is housed at the community
level. During this project, the HIFIS database was housed with TBDSSAB, but the
system’s data is entered at the shelters – Shelter House and Salvation Army. We used
two variables from HIFIS in this study – the dates people checked into a shelter and the
dates people checked out.
Overall, we had three independent data sets – one from the 2021 Point-in-Time
count, a second composed of the shelter survey and HIFIS, and a third composed of oneon-one interviews with people experiencing homelessness in the city but who had
migrated from somewhere else.
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How We Made Sense of the Data
We analyzed these three data sets in three different ways. First, the PiT data were
analyzed using statistics common to the social sciences. This includes descriptive
statistics, which provides us with an understanding of basic quantity (e.g., how many
people gave a particular answer to a particular question) as well as some parametric
tests, which tell us how to make sense of the differences between two groups. Second,
the data set composed of the shelter survey and the two HIFIS variables was analyzed
using Python-based machine learning models. These are mathematical models that are
designed to classify if a particular data point belongs to one category or another. In this
case, one example is trying to determine if someone who migrated to Thunder Bay
belonged to the category “stay,” as in staying in a shelter, or “leave,” as in leaving a
shelter, based on the various “factors” we noted above that might cause them to stay or
leave. Third, the data set composed of the text from one-on-one interviews were analyzed
using a program called NVivo and a method common in the social sciences called
Thematic Analysis.7
Although qualitative (text-based) and quantitative (numbers-based) data differ in
several ways, we combined them – a common practice in mixed methods research in the
social sciences. There were two ways we combined qualitative and quantitative data. The
first way pertained to the PiT data; responses to the short answer questions, which were
qualitative in nature, were categorized manually as belonging in one category or another
and then counted or quantified. For instance, if someone gave “brother lives in Thunder
Bay” as a reason they came to Thunder Bay, we might categorize this qualitative
response as “family or friends” and give a quantitative value of 1 to it – one person gave
family or friends as a reason to migrate to the city as a result of this response. If then
another person gave a different response but with an affinity to the first, like “parents live
in Thunder Bay,” we would also categorize this qualitative response as “family or friends”
and add another 1 to the category, which would mean that “family and friends” as a reason

7

Virginia Braun and Victoria Clarke, “Using Thematic Analysis in Psychology,” Qualitative Research in

Psychology 3, no. 2 (2006): 77-101.
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to migrate would have a value of 2 – a total of two people gave family and friends as a
reason to migrate to the city.
The second way we combined the qualitative and quantitative data was more
formal and pertained to the way we combined the qualitative interviews with the
quantitative data, including the data from the PiT that we just mentioned. In particular, we
relied on Creswell and Plano-Clark’s (2011) suggestion for mixed methods data when
quantitative data are more numerous, as is the case with this research; that suggestion
is to analyze the quantitative data first and use it as the more dominant data and thus as
a guide in presenting the qualitative data.8 In this report, therefore, the qualitative data
from the interviews were used to support the quantitative data. This will become apparent
as one reads the findings.

8

John W. Creswell and Vicki L. Plano-Clark, Designing and Conducting Mixed Methods Research

(Thousand Oaks: Sage, 2017).
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Findings
So, what did we find? Below we report on each of the 7 research questions we
sought to answer. Questions 1 to 4 were answered primarily using data from the 2021
Point-in-Time count while Questions 5 to 7 were answered primarily using data from the
shelter survey and HIFIS. For questions 1 to 4, we provide qualitative data to help
understand the quantitative data.

Question 1: From Which Home Communities Are People Migrating?
In total, 98 people9 reported migrating from one of 63 communities in Canada.
Figure 1 below gives a visual representation of what those communities are.10 The visual
shows that nobody reported being from a province east of Ontario or any of the territories.
But 11 people (11.2%) reported being from one of each of the Western provinces; this
included 4 people from British Columbia, 4 people from Manitoba, 2 people from Alberta,
and 1 from Saskatchewan. Among these Western provinces, there were a total of 9 home
communities and the communities from which the most people migrated to Thunder Bay
were Calgary and Winnipeg, both from which 2 people migrated. We should note that this
provincial number from the 2021 PiT count is lower than the 2018 PiT count, which found
that 20% of people were from out of province. Overall, doing a PiT count during COVID19 might explain this difference.
With only 11 people from out of province, that leaves the majority of 87 people
(89%), who reported migrating from a community in Ontario. Figure 2 below is another
heat map showing the 54 communities in Ontario from which those 87 individuals
migrated. We see that while people experiencing homelessness migrated to Thunder Bay
from all over Ontario, the majority are from Northern Ontario and from communities north
of Thunder Bay.

9

101 people responded to this question. One person declined to answer it and two people were from

outside of Canada, having migrated from Slovakia and the United States of America. We did not include
these individuals in the analysis.
10

To read Figure 1, which is a heat map, note that the fewest people are represented by the light blue

areas; as the number of people reporting a place increase, the colours change to magenta, red, and then
yellow, which represents the highest concentration of the reported home communities.
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Figure 1. 2021 Point-in-Time Count Reported Home Communities: Canada

Figure 2. 2021 Point-in-Time Count Reported Home Communities: Ontario
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Table 1 below presents the top home communities (in the whole sample) by frequency of
individuals – this includes all communities from which more than 1 person migrated (2 or
more). We see that there are 19 communities from which 2 or more people migrated, and
of these, 18 are in Northern Ontario. Furthermore, of these 18 communities in Northern
Ontario, 13 are First Nations communities, which means that 68.4% of the home
communities from which more than 1 person migrated to Thunder Bay are First Nations
communities in Ontario.
Table 1. Home Communities by Frequency, % of Persons, and First Nation
Home Community

%

First Nation

7

6.9%

Y

Ontario

7

6.9%

Y

Fort Frances

Ontario

5

5.0%

N

Gull Bay

Ontario

3

3.0%

Y

North Caribou Lake

Ontario

3

3.0%

Y

Rocky Bay

Ontario

3

3.0%

Y

Constance Lake

Ontario

2

2.0%

Y

Calgary

Alberta

2

2.0%

N

Couchiching First Nation

Ontario

2

2.0%

Y

Deer Lake First Nation

Ontario

2

2.0%

Y

Lac Seul

Ontario

2

2.0%

Y

Nipigon

Ontario

2

2.0%

N

Pic River

Ontario

2

2.0%

Y

Sioux Lookout

Ontario

2

2.0%

N

Slate Falls First Nation

Ontario

2

2.0%

Y

Sudbury

Ontario

2

2.0%

N

Webequie

Ontario

2

2.0%

Y

Whitefish Bay

Ontario

2

2.0%

Y

Manitoba

2

2.0%

N

Province

#

Eabametoong/Fort Hope

Ontario

Mishkeegogamang/Pickle Lake

Winnipeg
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If we look only at the communities in Northern Ontario, then we see some interesting
things. Table 2 below shows the breakdown of the 81 people who migrated from
somewhere in Northern Ontario. We can see that 39 people or 48% of people migrating
from somewhere in Northern Ontario, are from the District of Kenora. If we include the
two other districts which border the District of Thunder Bay – Rainy River and Cochrane
– then 53 of 81, or nearly 65% of people migrating to Thunder Bay are from a neighboring
district. Figure 3 shows the number of people from each of the neighboring districts and
their location.
If we consider the intersection of geography and First Nations communities, then
of the 56 individuals who migrated from a First Nation community, 36 people or 64% are
from a First Nation community on Treaty 9 territory. In addition, 10 people migrated from
a First Nation community on Robinson Superior Treaty territory, 7 from Treaty 3 territory,
and 3 from Treaty 5 territory.
Table 2. Number and % of People Migrating to the City of Thunder Bay by Regional
District and Service Administration Board
District

#

%

Service Administration Board

Kenora

39

48.15

Kenora District Services Board

Thunder Bay

21

25.93

Rainy River

10

12.35

District of Thunder Bay Social Services Administration
Board
Rainy River District Services Board

Cochrane

4

4.94

Cochrane District Social Services Administration Board

Algoma

3

3.70

Algoma District Services Administration Board

Sudbury

2

2.47

Manitoulin-Sudbury District Services Board

Nipissing

1

1.23

Parry Sound

1

1.23

District of Nipissing Social Services Administration
Board
District of Parry Sound Social Services Administration
Board
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Figure 3. Number of Persons Migrating to the City of Thunder Bay by Northern Ontario
Regional District

Question 2: Why Do People Leave Their Home Communities?
Given that a large portion of the people who migrated to Thunder Bay migrated
from a First Nation community in Ontario, we present answers to Question 2 in two parts.
The first part concerns the overall sample, while the second part focuses on the subsample of people who migrated from a First Nation community in Ontario.

Overall Sample
To help answer this question we used an open-ended question: “Why did you leave
your home community?”. The two most frequent types of responses11 were categorized
as either “family/friends,” with 29 responses (29.6%), or “education,” with 10 responses

11

The raw qualitative responses here were reviewed and categorized under 9 categories, presented in the

table.

16 | P a g e

Figure 4.“Why Did You Leave Your Home Community?” Frequency of Response for
Canadian Sample
Family/Friends

29.6%

Move to bigger city

16.3%

Education

10.2%

Employment

9.2%

Lack of housing

9.2%

Abuse
Involvement in criminal justice system
Other
Decline to answer

0.0%

6.1%
4.1%
12.2%
8.2%
10.0% 20.0% 30.0% 40.0% 50.0% 60.0% 70.0% 80.0% 90.0% 100.0%

(10.2%). Figure 4 gives a complete picture of the various types of responses people gave
for leaving their home communities.1213
As a follow up question, and to better understand if housing was a reason people
left their home communities, we asked, “Did you have a home before coming to the City
of Thunder Bay?” To this question, 69 people (70.7%) reported that they had a home
before they came to Thunder Bay, while 20 people (20.4%) indicated that they did not.
This means, that roughly 1 in 5 individuals who were surveyed in the PiT count also
experienced homelessness in their previous communities.

Sub-Sample: Individuals from First Nations Communities in Ontario
When looking at the 56 people who migrated from a First Nation community in
Ontario, the reasons for leaving their home community differ slightly. Responses that fit

12

Please note that percentages do not add up to 100% because people could choose more than one

response.
13

Some individual answers to this question noted that one respondent left their home community to “have

a baby” whereas another moved to Thunder Bay to provide “care for mother who was hospitalized.”
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Figure 5. “Why Did You Leave Your Home Community?” Frequency of Response
Among People from a First Nation Community in Ontario
Family/Friends

25.0%

Employment

14.3%

Move to bigger city

14.3%

Education

10.7%

Lack of housing

7.1%

Involvement in criminal justice system

7.1%

Abuse

5.4%

Other
Decline to answer

14.3%
5.4%

0.0% 10.0% 20.0% 30.0% 40.0% 50.0% 60.0% 70.0% 80.0% 90.0% 100.0%

under “family/friends” were cited 5% less while employment was cited 4% more,
compared to the overall sample. The reported reasons for leaving a First Nation
community are outlined in Figure 5 above.
When we look at responses to the follow-up question regarding housing among
the individuals from First Nations communities, 40 people (71.4%) reported having a
home before coming to the City of Thunder Bay, 12 (21.4%) did not have a home before
moving, and 4 (7.1%) were unsure if they had a home. The proportion of people who
experienced homelessness prior to coming to Thunder Bay is, therefore, roughly the
same as the overall sample.
During interviews, we found only a handful of clues about why people left their
home or previous communities, but the most salient observation from the interviews is
that most people reported having unstable or unsafe housing of some kind in their
previous or home communities. For instance, one individual said about their home
community: “It’s too much [sic] people like involved in like solvent abuse. Like sniffing gas,
and yeah… that's something I've never been into, but yeah, like a lot of violence.” This
18 | P a g e

individual also reported having an unstable and unsafe housing situation with family. In
addition, several of the participants in the interviews indicated a long history or pathway
of migration with stops in multiple cities and towns before arriving in Thunder Bay.

Question 3: Why Do People Choose to Come to Thunder Bay?
While the previous question tries to understand why people left their home
community, the third one tries to understand why people chose Thunder Bay in particular.
Naturally, the answers to the two questions often overlapped – e.g., if someone came to
Thunder Bay to stay with family, they might also indicate they left their home community
to stay with family. But we discuss some key differences between why people left their
home communities and why they came to Thunder Bay specifically.

Figure 6. “What Brought You to the City of Thunder Bay?” Frequency of Response by
Category
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Overall Sample
To start with the Point-in-Time, we asked the following question: “What brought
you to the City of Thunder Bay?”. Here 42 people (42.9%) reported family or friends as
the main reason they chose to come to Thunder Bay, 13 (13.3%) indicated employment
opportunities in Thunder Bay, and 9 (9.2%) cited the search for housing. Figure 6 above
presents all the reasons given for choosing Thunder Bay. The “Other” category included
leaving domestic abuse/family conflict, relocation, and shelter services.

Sub-Sample: Individuals from First Nations Communities in Ontario
With regard to people from First Nations communities in Ontario, responses that
were categorized as “family/friends” were reported by 13 people (22.8%), which is lower
than the larger sample of people who migrated from across Ontario, while the proportion
of people who cited employment (10 people, 17.5%), education (7 people, 12.3%), or
court/jail (7 people, 12.3%) as a reason for coming to the City of Thunder Bay was
higher.14 In addition, nobody in this sub-sample indicated that mental health or medical
appointments were a reason to migrate to the city, which differs from the overall sample
wherein medical appointments were given by 5% of the sample while mental health was
given by 2% of the sample. All the reasons for migrating to the city among people from
First Nations communities in Ontario are outlined in Figure 7 below.
The interviews we conducted supported the top responses on the survey. The
three major themes in response to this question were social migration, service migration,
and economic migration. Social migration consisted of people migrating to the city for

14

As a follow up, we conducted some statistical tests. As a reason for migrating to the City of Thunder Bay,

when comparing people migrating from a First Nations community compared to a non-First Nations
community, we found differences in employment (X2 (1, N = 87) = 3.87, p = .049) and education (X2 (1, N
= 87) = 4.21, p = .040). In other words, someone from a First Nation community is more likely to migrate
for employment or education than a person who is not from a First Nation community. Because frequency
counts were generally very low, we do not include this in the main report but rather here as a footnote.
Furthermore, we caution against extrapolating to other reasons given in the table simply by looking at the
nominal data. The data set was not large enough to draw conclusions based on statistical tests that require
a higher number of data points.
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family, friends, or romantic partners. Here is an example of someone who migrated to be
closer to siblings:
“Well, I just came back here because this is where my brothers and sisters [are].
[M]y parents died separately when I was in grade seven and eight, a year apart
and then we went and lived with my aunt and uncle in O’Connor which is just
behind Kakabeka. Other than that, I just came back here because this is where my
little brother and sisters were and I kind of took care of them growing up.”
Migrating for services, or “service migration,” was just as common a reason for migrating
to Thunder Bay. For instance, one person stated they came to Thunder Bay because
there are “more services for me here. Like P.A.C.E., and health care, and, hopefully, I'm
working on getting housing right now, so. They don't have that kind of stuff in Nipigon.”
Another individual said the shelters were the service they sought: “Thunder Bay was the
closest place. I’ve been here before. I knew there were shelters here where I could stay

Figure 7. “What Brought You to the City of Thunder Bay?” Frequency of Response by
People from First Nations Communities in Ontario
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at.” Finally, “economic migration” was mentioned and we included employment and
education in this category. Two individuals noted that they came looking for work while
one individual stated they were working remotely from Thunder Bay after his company
asked if he would work from the city. A fourth individual came to attend Lakehead
University, stating he attended “for like a couple of weeks. We had to do summer school,
and I didn't even make it to when classes started.” He noted that a long-time addiction
and difficulty finding affordable housing ultimately led to his withdrawal from the program.

Question 4: Why Do People Choose to Remain in Thunder Bay?
To understand the fourth question, first we asked: “Is the City of Thunder Bay your
community of choice?” and then one of two follow up questions. If participants said that
Thunder Bay was their community of choice we asked, “If yes, why?”. If they indicated
that it was not their community of choice we asked, “If no, do you want to return to your
home community, and why?”

Overall Sample
In total, 71 people (72.4%) indicated that the City of Thunder Bay was their
community of choice. Social connection with family and friends was the most frequently
cited reason why, with 16 people or 22.5% indicating so. This was followed by education
or school (7 people or 9.9%) and “sense of home” (6 people or 8.5%) as reasons why
people remained in Thunder Bay. Other reasons are outlined in Figure 8 below. On the
other hand, 26 people (26.5%) indicated Thunder Bay was not their community of choice.
Among these 26, 11 people (42.3%) wanted to return to their home community. Of these
11 people who wanted to return to their home communities, 4 people (36.4%) indicated
employment/income and 3 (27.3%) indicated legal issues as barriers to returning to their
home communities. Other items reported as barriers to returning to their homes include
lack of housing in the community, family, and medical reasons (each with 1 respondent).
Again, to better understand housing, we asked the following two questions: “If you
were to return to your home community, would you have permanent housing available?”
and “If you were to return to your home community, would you have safe housing
available?” In total, 50 people (51%) reported they would not have access to permanent
housing if they returned to their home communities, and 38 people (38.8%) would not
22 | P a g e

Figure 8. Reasons Why Thunder Bay was the Community of Choice Among Those Who
Migrated to Thunder Bay by Percentage
Family/Friends
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have access to safe housing in their home community if they returned. When we combine
the two – safe and permanent housing – we observe that only 21 respondents (20.8%)
would have access to both safe and permanent housing if they returned to their home
community.

Sub-Sample: Individuals from First Nations Communities in Ontario
When looking at the sample of people from First Nations communities in Ontario,
family/friends was the most reported (10 people or 24.4%) reason why Thunder Bay was
the community of choice. Interestingly, sense of home was the second most cited reason
with 7 people (17.1%), with employment or school as third with 6 people (14.6%).
Reasons for Thunder Bay as the community of choice for people who migrated from an
Ontario First Nation community are outlined in Figure 9 below. A total of 11 (19.3%)
people from an Ontario First Nations community indicated that Thunder Bay was not their
community of choice. Among these 11 people, 8 (72.7%) wanted to return to their home
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Figure 9. Reasons Why Thunder Bay was the Community of Choice Among Individuals
Who Migrated from an Ontario First Nations Community by Percentage
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community. For these 8 people, 3 people (37.5%) indicated legal issues and 3 (37.5%)
indicated employment/money as barriers to returning to their home communities, and 2
(25%) did not provide a reason.
With respect to housing, for respondents from an Ontario First Nations community,
26 (45.6%) would not have access to permanent housing and 18 (31.6%) would not have
access to safe housing; a total of 14 people (24.6%) reported having access to both safe
and permanent housing if they returned to their community.
Once again, the qualitative data from the interviews confirmed some of the
quantitative data from the PiT. For instance, social reasons to stay or remain in city were
frequently mentioned; this included “to stay close to” family or having a partner but also a
sense of community. Here is an example of an individual who, as stated above, had a
long and varied migration pathway to the city and highlights the “magical” nature of the
community in Thunder Bay as a reason to remain here.
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“Like, from moving so much, like I haven’t really had long term friends for a long
time. I had like a handful of guys that have been friends with for, like 20 years. So,
like, having this kind of community is really cool. And there’s a lot of things about
Thunder Bay that are different from other places. It almost seems like it’s kind of
magical.”
Services were also given as a reason to remain in Thunder Bay, but here we have some
qualitative data that adds to the quantitative data as a number of people mentioned
economic barriers to leaving the city. Here is an individual explaining how a medical
appointment and a missed flight led to them staying in Thunder Bay:
“I was medivac-ed from Kenora, from the hospital here, and I’ve been stuck in this
damn town ever since. I had a, they told me I was having a stroke. So, they put me
on a plane. Next, they brought me to Thunder Bay, and I’ve been here ever since.”
Interestingly, this individual was from Kenora, but given the provincial boundaries was
flown to Thunder Bay General Hospital instead of a closer one in Winnipeg. Here is
another example of someone who originally came for healthcare and now cannot afford
to leave. They indicate that another medical appointment will be missed so that they can
return home.
“I came out here for a CT scan, but I kind of missed my flight. So that's why I'm
here. They were gonna do an MRI, but the MRI is on the 17th. I don’t think I’m
gonna go ‘cause I wanna go home. I’m waiting for my cheque on the 15th to
partially pay for my way. That’s my whole story.”
Finally, here is one more example of an economic barrier related to transportation. One
individual from Southern Ontario stated that: “Well, I have, I have um. Honestly, once I
moved to Thunder Bay, Greyhound went [out of] business and, like, the only way to leave
was on the airplane, and I can't afford that.”

Question 5: What Factors Predict if Someone Will Stay or Leave a
Shelter?
To answer the fifth question, we departed from the Point-in-Time data and the
interviews and used the data from the shelter survey and HIFIS variables. The HIFIS
variables of check-in and check-out dates allowed us to categorize individuals as having
“stayed” (n = 88) or “left” (n = 22) a shelter, the latter of which refers to those not registered
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in HIFIS at a shelter in Thunder Bay for eight or more weeks at the time we retrieved the
data. Table 5 below shows the key factors in predicting whether a person experiencing
homelessness in Thunder Bay is going to stay or leave the shelter. It is important to note
that the table shows raw scores – higher scores indicate that the person is more likely to
stay in a shelter for that particular “factor” or reason; to further facilitate comprehension,
we used the statistical probability to categorize a predictor’s raw score as “strong,”
“moderate,” or “weak.”

Table 3. Factors that Predict if Someone Will Stay or Leave a Shelter in Thunder Bay by
Score and Predictive Strength
Factors15

Score

Strength

The person received mental health support recently

20.5716

Strong

Family or friends was a reason to migrate to Thunder Bay

17.86

Strong

Education was a reason to migrate to Thunder Bay

16.20

Strong

The person recently received support for drug/alcohol use

14.29

Strong

Mental health support was a reason to migrate to Thunder Bay

13.50

Strong

A medical appointment was a reason to migrate to Thunder Bay 13.00

Strong

The person’s highest level of education is high school

12.07

Strong

The person found employment upon arrival in Thunder Bay

10.2617

Moderate

Employment was a reason to migrate to Thunder Bay

9.85

Moderate

Support for drug and/or alcohol was a reason to come to 9.00

Moderate

Thunder Bay
The person is 39 years of age or older

7.78

Moderate

The person was hospitalized in Thunder Bay

6.37

Weak

15

All values were statistically significant.

16

All strong predictors were statistically significant at p < .001.

17

All moderate predictors were statistically significant at p <.01.
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From Table 3, we make six interpretations. First, out of the 7 strong predictors,
three of them are related to service – i.e., people migrated to the city for education, mental
health support, or a medical appointment. Second, people are more likely to stay if they
recently received support for mental health or addictions. Third, people are more likely to
stay if they migrated for mental health support and have recently received those supports.
Fourth, people are more likely to stay if they migrated for addictions support and recently
received support for it. Fifth, people are more likely to stay if they come for mental health
support or a medical appointment. Sixth, people are more likely to stay if they migrate for
education and employment.
In the Point-in-Time count data set we noticed that the majority of people migrating
to the City of Thunder Bay came from one of the three neighbouring districts – Kenora,
Cochrane, or Rainy River. As a result, we decided to run the machine learning models
again but this time with the person’s home and previous districts included as factors in
determining if a person stays or leaves a shelter. Home district refers to the district the
person is originally from while previous district refers to the district they lived in directly
prior to coming to the District of Thunder Bay. In some cases, these differ while in others,
they are the same. We collected information on home and previous districts as screening
questions and did not originally intend for them to be factors in predicting whether people
stay or leave a shelter – hence why they were not included in the original models. But
from Table 4 below, we can see that once we did include districts, both home and previous
districts emerge as the two strongest predictors of whether or not someone who migrated
to the city will stay or leave a shelter.
One district seems to influence the models more than the other – Kenora. Of the
88 individuals who stayed in the shelter and thus did not leave, 32 were from Kenora; this
is compared to the 1 in 22 who left. This means that of the 33 individuals who migrated
from the District of Kenora, 32 ended up staying in a shelter in Thunder Bay and only 1
left. Moreover, if we look at the Districts of Cochrane and Rainy River together with
Kenora, this accounts for 50% of people who stayed in a shelter in Thunder Bay. Put
differently, of the 48 people from a neighbouring district, 45 stayed in a shelter in Thunder
Bay and only 3 left. Therefore, we have confirmation from a second sample, the Point-inTime count being the first sample, that a meaningful portion of individuals migrating to the
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City of Thunder Bay and staying in a shelter are migrating from the District of Kenora, and
that half are from one of three neighbouring Districts. Those most likely to leave the
shelters were from Southern Ontario.

Table 4. Factors that Predict if Someone Will Stay or Leave a Shelter by Score and
Predictive Strength with Regional District Included
Factor

Score

Strength

The person’s home district is Kenora, Cochrane, or Rainy River 48.0118 Strong
The person’s previous district is Kenora, Cochrane, or Rainy 26.84

Strong

River
The person’s highest level of education is high school

22.26

Strong

The person received support for drug and/or alcohol use 20.57

Strong

recently
The person found employment upon arrival in Thunder Bay

19.70

Strong

Family or friends was a reason to migrate to Thunder Bay

17.85

Strong

Education was a reason to migrate to Thunder Bay

16.20

Strong

Support for drug and/or alcohol was a reason to come to 14.29

Strong

Thunder Bay
Mental health support was a reason to migrate to Thunder Bay

13.50

Strong

A medical appointment was a reason to come to Thunder Bay

13.00

Strong

The person tended to be older

12.60

Strong

The person migrated for employment

9.85

Moderate

The person migrated for housing

9.00

Moderate

The person migrated for support for drug and alcohol

9.00

Moderate

The person has a status card

6.00

Weak

The person has been hospitalized in the City of Thunder Bay

5.72

Weak

18

All values were statistically significant at p < .001.
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Question 6: If People Stay, How Long Do They Stay?
To answer the sixth question, we again used data from the shelter survey and
HIFIS and developed machine learning models to analyze the data. The target variable
used for this prediction was the individual’s duration of stay at shelters, which was
generated by calculating the total number of days a person was present at any of the
shelters. Figure 10 below shows the distribution of all individuals in our sample by the
length of stay. Though not observable from the figure, more than half of our sample stayed
for less than 34 days; about 25% stayed for 13 days; and another 75% stayed for 81 days.
The average number of days stayed was 52 while the longest stay duration was 245.

Question 7: What Factors Predict the Length of Duration a Person
Stays?
Finally, as with questions 5 and 6, we used the shelter survey and HIFIS data sets
along with machine learning models to answer question 7. We tested all of the factors
and three of them emerged as predictors and are presented in Table 5. Overall, the
models for this question were weaker if statistically significant.

Figure 10. A Scatterplot of the Number of People Experiencing Homelessness by
Number of Days Stayed at a Shelter

29 | P a g e

Table 5. Factors that Predict a Long Stay Duration in a Shelter by Score and Predictive
Strength
Factor

Score

Strength

Does not have band membership

5.5319

Weak

Does not have a status card

4.84

Weak

Did not recently have support for drug and/or alcohol abuse

4.17

Weak

According to the values above, individuals without band membership and status cards
are more likely to stay in a shelter longer. By contrast, the majority with band
memberships and status cards stayed for shorter periods. We should note that among
those individuals who did not have a status card or band membership, some were
Indigenous while a majority were not. Moreover, Indigenous individuals who are more
likely to stay for shorter periods and non-Indigenous people tend to stay for longer
periods. Finally, those who have not received any recent drug and/or alcohol support are
more likely to stay for longer durations.
As with question 5, we decided to run the models again with district to see if the
person’s home district or previous district predicted stay duration in addition to whether
or not they would simply stay. Table 6 below presents the results. Again, we can see that
home district becomes the strongest predictor of stay duration once included and previous
district emerges as a predictor, too. As with the question of whether an individual who
migrated to Thunder Bay would stay in a shelter, the District of Kenora emerged again as
a predictor of stay duration. This means people migrating from Kenora were more likely
to stay for longer periods of time. People most likely to stay for shorter periods of time
were those from Southern Ontario.

19

All factors significant at p <.05.
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Table 6. Factors that Predict a Long Stay Duration in a Shelter by Score and Predictive
Strength with Regional District Included as a Predictor
Factor

Strength Strength

The person’s home district is Kenora, Cochrane, or Rainy River 6.1320

Weak

The person does not have band membership

5.53

Weak

The person does not have a status card

4.84

Weak

The person’s previous district is Kenora, Cochrane, or Rainy 4.53

Weak

River
The person did not recently receive support for drug and/or 4.17

Weak

alcohol abuse

20

All values are significant at p < .05.
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Discussion and Implications
We want to use this concluding section to carve out what we think to be the key
findings, briefly discuss their implications, and talk about the limitations of the study and
any potential work that could be done by others to help further our understanding of
migration and homelessness in Thunder Bay.

Key Findings
Below are the findings that we think deserve the most attention from both a policy
and research perspective.
1. All three data sets suggest that social factors, such as family, friends, and a sense
of community might be driving migration into the City of Thunder Bay and
motivating people to remain here and in shelters.
2. All three data sets suggest that service factors, such as health care, housing, and
social services like addictions and mental health support might be driving migration
into the City of Thunder Bay and also motivating people to remain here and in
shelters.
3. All three data sets suggest that economic migration, mainly unemployment in
home communities and a promise of employment in the City of Thunder Bay, might
be driving migration into the city, but also that people in this study were either
unable to work, unable to find work, or unable to keep work.
4. The Point-in-Time data and qualitative data suggest that lack of money is a barrier
to leaving the city for those who want to leave.
5. The Point-in-Time and shelter survey data show that a majority of people migrated
from a neighboring district, mainly Kenora, Cochrane, and Rainy River, each with
a high proportion of rural towns and a Social Services Administration Board.
6. The shelter survey and subsequent machine learning models suggest being from
or passing through Kenora, Cochrane, or Rainy River is a predictor of migration to
Thunder Bay and stay in a shelter, including, though to a lesser extent, longer stays
in shelter.
7. A high proportion of individuals from neighbouring districts are from First Nations
communities in those districts, primarily on Treaty 9 and Treaty 3 territory.
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Implications
So, what are the implications of this research? Below we talk about two sets of
implications – one for policy and programming in the City of Thunder Bay and potentially
in Northwestern Ontario and the other for existing and future research in this area.
For Homelessness Policy and Programming in the District of Thunder Bay.
With the understanding of the responses to the questions asked in this research,
TBDSSAB is in a better position to provide program direction to pre-emptively address
migratory homelessness issues and lessen emergency shelter usage. There is potential
for collaborative programming with neighbouring districts and First Nations communities,
as well as partnerships with provincial and federal governments. Further, where the data
address policy and legislative opportunities for change, advocacy to federal and provincial
government may be appropriate.
For Research on Migration and Homelessness. What implications do our
findings have for the broader issue of migration and homelessness, which is otherwise a
poorly understood phenomenon? First, our study helps build on knowledge about
homelessness and migration in Northern Ontario. A pair of studies done a few years ago,
including one by a member of this research team, suggested a number of relevant
elements of migration: a rural-to-urban pathway of migration in Northern Ontario; a
jurisdictional pathway of migration from federally to provincially or municipally funded
services; and migration from Indigenous First Nations communities to cities for medical
appointments not available in First Nations communities.21 The study by Schiff et al.
(2016) also found that the prohibitively high cost of flights back to First Nations
communities accessible only by air or winter ice-roads was a factor in preventing people
from leaving the city to which they came for medical help.22 Our study confirms all of the

21

Carol Kauppi, Henri Pallard, and Emily Faries, “Poverty, Homelessness, and Migration in Northeastern

Ontario, Canada” International Journal of Sustainable Development 8, No. 4 (2015): 11-22; Rebecca Schiff,
Alina Turner, and Jeanette Waegemakers Schiff, “Rural Homeless in Indigenous Canada” Indigenous
Homelessness : Perspectives from Canada, Australia, and New Zealand Winnipeg, eds. Julia Christensen
and Evelyn Peters (Winnipeg: University of Manitoba Press, 2016), 185-209.
22

Schiff, Turner, and Waegemakers Schiff, “Rural Homeless in Indigenous Canada,” 185-209.
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above – people seem to be migrating from more rural areas to the urban hub of Thunder
Bay; a number of these areas are First Nations communities; the cost of travelling home
is a barrier; and there is a pattern of jurisdictional migration – people are migrating from
federal, provincial, or even municipal jurisdictions other than Thunder Bay into the city.
These two studies looked at Sudbury and Kenora and therefore this study is the first to
provide a comprehensive view of migration and homelessness in Northwestern Ontario.
Second, our findings confirm that, in addition to the overrepresentation of
Indigenous peoples among the population of people experiencing homelessness, 23 there
is an overrepresentation among those migrating to the city. The specific forces that shape
Indigenous migration from the reserve to the city have both interested and challenged
academics for several decades.24 In 1981, Clatworthy and Gunn noted that it was already
“widely recognized that native people represent a significant and expanding segment of
western Canada's urban poor.”25 In fact, the question of “push” and “pull” factors that
encourage Indigenous migration to or from a reserve community was an important one
for the Royal Commission on Aboriginal Peoples in 1996.26 A decade later, in 2006, Martin
Cooke and Danièle Bélanger published an article seeking to consolidate a structural
analysis of Indigenous migration and offer a “systems perspective” on the issue; however,
the authors noted that the varying reasons for migration, as well as the unique
experiences of those who migrate, make a rigid framework or model elusive or at least

23

TBDSSAB, Thunder Bay Point-in-Time Count, last modified April 2016, https://tbifc.ca/wp-

content/uploads/2016/10/PIT-Data-Final.pdf; TBDSSAB, Thunder Bay Point-in-Time Count, last modified
November

2018,

https://www.lspc.ca/wp-content/uploads/2018-Point-In-Time-Count-.pdf;

Alicia

Kalmanovitch, Nick Falvo, Britney Ardelli, Laurel Collier, Megan Hodgins, Megan Donnelly, and Joel
Sinclair,

Spring

2018
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Report,

http://www.calgaryhomeless.com/wp-
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24
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lacking in utility.27 More recently, in a 2009 study, two scholars stressed the role of acute
poverty as a factor shaping migration.28 Overall, migration and homelessness is
complicated and enduring.
Moving forward, several scholars in numerous studies might seek to understand
and even isolate specific motivations or reasons for Indigenous migration 29. More
recently, the Calgary Homeless Foundation released a report in 2020 titled Understanding
the Flow of Urban Indigenous Homelessness: Examining the Movement Between Treaty
7 First Nations and Calgary’s Homeless-Serving System of Care.30 This report noted that
“There appear to be two forms of migration to the city: the first is by choice, the
second is forced. The first is one related to searching for opportunity, and many do
make a successful transition via education and securing employment. For others,
it is more of a forced migration, especially for newly separated singles, youth and
individuals struggling with substance abuse and frustration with lack of
employment opportunities on reserve. Overcrowded homes, poor condition and
the lack of supply were also identified as factors in families leaving the reserve.”31
Though this body of literature did not address Northern Ontario, it rings true with the
findings of our study.
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Martin Cooke and Danielle Belanger, “Migration Theories and First Nations Mobility: Towards a Systems

Perspective,” The Canadian Review of Sociology and Anthropology 43, no. 2 (May 1, 2006): 141–164.
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Third and final, methodologically, our work here responds to calls and builds on
studies using quantitative data to understand migration and homelessness. This includes
the call for “multivariate models” of Indigenous migration by Cooke and Bélanger (2006).32
To our knowledge, this is the first time machine learning has been used to understand
homelessness in Northern Ontario and might be the first time it’s been used to understand
migration and homelessness in Canada or elsewhere.
But this work also builds on several previous studies that have used machine
learning techniques to guide our understanding of homelessness generally. For instance,
studies using machine learning models have helped: predict the possibility of an individual
becoming homeless; determine the duration of homeless stay in a shelter33; determine
the likelihood of a person experiencing homelessness after gaining housing34; and predict
access to housing and shelter35. Other studies have also determined causal factors of
homelessness, again generally and not in relation to migration; these include education,
physical disability, family issues, domestic violence, financial strain, substance use,
mental illness, and contact with criminal justice systems36. We have used most of these
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as independent factors in understanding migration. Finally, in terms of breadth of models,
most studies have used largely two types of machine learning 37, but we had the
opportunity to use eight in determining the conclusions in this report.

Limitations and Future Research
We outline two limitations here. First, COVID-19 negatively impacted all three of
our data collection efforts. The Point-in-Time count numbers are lower in 2021 compared
to the previous two years and this was a direct effect of the impact of COVID-19.
Regarding the shelter survey and interviews, outbreaks at the shelters negatively
impacted our data collection efforts. Many of the interviews were conducted in the shelters
and the shelter survey was always conducted at the shelters. But in both cases, we were
not permitted to conduct our research at any of the shelters during an outbreak or if a
researcher had been in contact with a positive case. Particularly for the shelter survey,
the outbreaks or just COVID-19’s generalized impact could have depressed the number
of people we could survey; if so, this would have an impact on the accuracy and strength
of our machine learning models because machine learning models perform better with
larger datasets. Although it might also be virtually impossible to get a sufficiently large
data set in such a small city, particularly when limiting our focus to people who migrate
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Individuals Diagnosed with Substance Use Disorders Using Local Treatment Records,” Addictive
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from out of town or province. Machine learning models, while carrying strengths over
traditional inferential statistics, also have some weaknesses. The “black box” nature of
the models meant that we had to interpret the findings in a way that departs slightly from
the well accepted process in the field. For this data set, that was possible, given the size,
but for future data sets that are larger, it might not be. The second limitation is financial.
The nature and amount of the grant, while making this project possible, limited our ability
to continue data collection efforts or to increase them to get better data. Future studies
might consider larger grants for more robust data – quantitative and qualitative.
Ultimately, this is a preliminary report on a preliminary study, which gives us a
preliminary answer to one important question about homelessness in the City of Thunder
Bay – why are so many people who experience homelessness here from out of town?
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Why Are So Many People Who Experience Homelessness
in the City of Thunder Bay from Out of Town?
To better understand this question, the District of Thunder Bay Social Services Administration Board
(TBDSSAB) and Lakehead University (LU) partnered to form an interdisciplinary research team to
highlight the factors that led people experiencing homelessness to the City of Thunder Bay.

Key findings of the study:

54%

69%

of people surveyed migrated
from Kenora, Cochrane and
Rainy River Districts. Machine
learning models show that
a person experiencing
homelessness and being
from, or passing through,
these districts is a predictor
of migration to the City of
Thunder Bay.

of migration from
neighbouring districts
comes from First Nation
Communities

77%

of people from a First Nation Community
reporting being from Treaty 9 or Treaty 3
territories.

People are also more likely to stay in a Thunder Bay emergency shelter if:

they migrated for education,
mental health supports, or a
medical appointment

or

they recently received support
for mental health or addictions

People migrate to the City of Thunder Bay due to:
Social Factors

43%
migrated to Thunder Bay for
family, friends, or a sense of
community

Service Factors

31%
migrated to Thunder Bay for
health care, housing, or social
services

Economic Factors

22%
migrated to Thunder Bay for
employment or education

...having this kind of community is really cool. And there’s a lot of things about Thunder Bay that
are different from other places. It almost seems like it’s kind of magical.

